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[Abstract] Objectives: To evaluate the performance of large language models (LLMs) (such as ChatGPT-4)
and traditional neural machine translation tools (such as Google Translate) in translating traditional Chinese
medicine (TCM) terminology, and to explore a human-machine collaborative translation strategy for TCM. Meth—
ods: A semi—automatic machine translation evaluation method was adopted. The translation quality of TCM termi—
nology by ChatGPT-4 and Google Translate was systematically assessed through a combination of three automatic
evaluation metrics, BLEU, TER, and METEOR, and expert manual scoring. Additionally, experiments were con—
ducted to verify the effect of prompt engineering on improving the translation quality of TCM terminology. Re—
sults: ChatGPT -4 significantly outperformed Google Translate in all three automatic evaluation metrics, BLEU,
TER, and METEOR. The manual evaluation results also showed that ChatGPT-4 performed better than Google
Translate, particularly in preserving cultural connotations and contextual adaptability. The test results of prompt
words show that optimizing prompt words can improve the translation quality of ChatGPT-4. Conclusion: LLMs
are superior machine translation tools for empowering TCM translation, with strong domain robustness, interactivi—

ty, situational learning ability, instruction—following ability, and complex reasoning ability. They can better handle
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metaphorical expressions and culture—loaded words in TCM. Optimizing prompts words can effectively enhance the

TCM translation quality of LLMs.

[Keywords] machine translation; neural machine translation; large language models; traditional Chinese

medicine terminology; translation quality assessment Medicine Terminology, Translation Quality Assessment
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